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Abstract

The inaugural 1st International Workshop on Interactive
Video Search and Exploration (IViSE), held at CVPR 2025,
aims to explore means to overcome current limitations in
fully automated methods in long-form video understanding,
by focusing on human-machine teaming approaches. While
fully automated approaches have been the main focus of
the research community, notable breakthroughs have been
made in interactive video search and exploration as well.
This workshop aims to showcase the main advantages and
limitations of both paradigms. IViSE is structured in a chal-
lenge format with two tracks: Video Known-Item Search
and Video Question Answering. These tasks can either be
solved in a fully automatic fashion or in an interactive way
where humans and machines collaborate. The interactive
challenge is held as a live session at the workshop itself.
This paper provides an overview of the participating teams,
their approaches for both task types and the ways of ap-
proaching them. It presents the results for the fully auto-
matic track and outlines the methods to be used in the live
evaluation event held during the workshop in June of 2025.

1. Introduction
Holistic video understanding has long been a topic of inter-
est in computer vision. Although the field has made tremen-
dous progress in recent years, current state-of-the-art meth-

ods are often limited to video sequences with a total length
measured in tens of seconds. Considering that narrative
videos have an expected duration of minutes to hours, these
methods are still not capable of covering a broad range of
use cases. While machines are not very effective in deal-
ing with such long-form content effectively yet, a collabo-
rative team of humans and machines can be well supported
by software applications in this endeavor.

The aim of the 1st international Workshop on Inter-
active Video Search and Exploration is to explore means
to overcome current limitations in fully automated meth-
ods by focusing on human-machine teaming approaches for
long-form video understanding. The workshop provides a
venue to compare fully automated end-to-end approaches
for video understanding and approaches in which humans
and machines collaborate. The workshop is centered around
a challenge on text-based video retrieval and visual ques-
tion answering in a large collection of long videos from
the first shard of the Vimeo Creative Commons Collection
(V3C1) [8], which have an individual duration of between
3 minutes and 30 minutes per video, with 1000 hours of
combined content. The challenge is split into two tracks:
the fully-automated track, where queries are made available
to participants beforehand and which they have to solve au-
tomatically without direct human intervention, and the in-
teractive track, where queries are made available to partici-
pants during the workshop only and they have to solve them
interactively in a human-machine team under a strict time



Table 1. Challenge participants at different tasks and tracks.

Automatic Interactive
Team KIS QA KIS QA
WHU-NERCMS [5] ✓ ✓
nii-uit [4] ✓ ✓ ✓ ✓
vifi [7] ✓ ✓
GenAI4E-TheBreaker [6] ✓ ✓
GenAI4E-GameChanger [12] ✓ ✓
certh_iti [3] ✓ ✓
diveXplore [10] ✓ ✓
Exquisitor [11] ✓ ✓ ✓ ✓

limit of five minutes per topic. This challenge format builds
upon established challenges such as TRECVID [1] and
DVU [2] on the fully-automatic side, and the Video Browser
Showdown [14] and the Lifelog Search Challenge [13] on
the interactive side.

2. Challenge Setup

The first instance of the IViSE challenge attracted 8 partic-
ipating teams. Table 1 lists them, together with the tracks
and tasks they participate in. Compared to the 17 Teams
who participated in VBS 2025 [9], having results from five
anticipated teams in the interactive challenge does not offer
as much explanatory power. Nevertheless, having a direct
comparison between automated and interactive approaches
has the potential to offer novel insights, even with smaller
sample sizes.

The challenge offers two types of tasks, Known-Item
Search and Question Answering, which can both be solved
in a fully automated way or interactively, with a human in
the loop. For Known-Item Search queries, a textual descrip-
tion is provided which uniquely describes a segment of one
particular video from the challenge dataset of 7475 videos.
Queries of the Question Answering task are composed of
a two-part textual description. The first part contains in-
formation on certain salient properties that are sufficient to
uniquely identify a video. The second part then asks a ques-
tion about that video. The question is generally completely
unrelated to the first part of the description. The queries
for the fully automated track are listed in Appendix A, and
their corresponding ground-truth answers can be found in
Appendix B.

3. Results of the Fully-Automated Track

In this section, we present the results of the fully-automated
track for both KIS and QA tasks. Each team was allowed to
submit up to five runs per task type, which were evaluated
independently.

Table 2. Results of the Known-Item Search Tasks. Each task is
scored on a scale from 0 to 1 and the final score is the sum of
the 10 task scores. #V signifies the number of tasks for which the
correct video was part of the result set and #S signifies the number
of tasks where the correct video segment was part of the result set.

Team Run Score #S #V
nii-uit 1 9.9 10 10
vifi 4 9.8 10 10
vifi 5 9.8 10 10
vifi 3 9.6 10 10
nii-uit 2 8.9 10 10
vifi 1 8.9 9 9
Exquisitor 1 8.3 9 9
Exquisitor 2 7.9 8 8
Exquisitor 4 7.8 8 8
vifi 2 7.6 8 8
Exquisitor 3 7.3 8 8
WHU-NERCMS 3 6.0 6 9
WHU-NERCMS 2 5.8 6 9
WHU-NERCMS 1 4.0 4 9
nii-uit 3 3.5 5 8
certh_iti 1 3.5 4 8
certh_iti 2 1.6 3 4

3.1. Known-Item Search
Five teams submitted a total of 17 runs for the known-item
search task. The results are listed in Table 2 and the rank
distribution is visualized in Figure 1.

The scores of this task were remarkably high. Two of
the participating teams – nii-uit and vifi – managed to find
the correct video segments for all ten tasks and even had
them ranked first in most cases. All teams and most runs
were able to correctly identify a vast majority of the target
videos, but some teams struggled with correctly identifying
the segment boundaries. This can be seen in the difference
between the #S and #V columns in Table 2, showing the
correctly identified segments and videos, respectively.

There appears to be a difference in difficulty across the
tasks, as shown in Table 3. Task IVISE25-KIS-A03 appears
to have been the most difficult, only being solved correctly
in half of the submitted runs, while task IVISE25-KIS-A10
was the easiest, being correctly solved in all runs and almost
always on rank 1, resulting in an almost perfect score.

3.2. Question Answering
For the Question Answering task, we received 16 runs from
five teams. The results are listed in Table 4 and the ranks
are illustrated in Figure 2. The scores are generally lower in
this task compared to the known-item search task, resulting
from the added complexity of not only identifying the cor-
rect video from the collection but extracting sufficient se-



Team
WHU-NERCMS nii-uit vifi certh_iti exquisitor

R
an

k

n/a

10

9

8

7

6

5

4

3

2

1

Ranks

Correct Segment Correct Video

Figure 1. Rank distribution of Known-Item Search tasks

Table 3. Aggregated performance per known-item search task.

Task Mean Score #Solved #Video
IVISE25-KIS-A01 0.741 14 16
IVISE25-KIS-A02 0.653 12 14
IVISE25-KIS-A03 0.406 8 12
IVISE25-KIS-A04 0.688 12 14
IVISE25-KIS-A05 0.418 10 10
IVISE25-KIS-A06 0.841 15 17
IVISE25-KIS-A07 0.871 15 16
IVISE25-KIS-A08 0.765 13 15
IVISE25-KIS-A09 0.700 12 16
IVISE25-KIS-A10 0.988 17 17

mantics to correctly formulate an answer to the posed ques-
tion. While no team managed to correctly answer all ques-
tions, WHU-NERCMS, vifi, and nii-uit correctly answered
7 out of 10 questions. In the case of WHU-NERCMS, all
correct answers were on the first rank of their submissions,
resulting in the maximum score. All three these teams also
correctly identified all target videos, but were then unable
to answer some of the questions.

When considering Table 5, which shows the results ag-
gregated per task, we can see clear differences in difficulty
between the different tasks. Three questions that remain
consistently unanswered by any team: IVISE25-QA-A01,
IVISE25-QA-A07, and IVISE25-QA-A09. In the case of
IVISE25-QA-A01, all teams correctly identified the target
video. They were then, however, unable to correctly iden-
tify the name of the call sign of the radio station. This de-
spite some methods having identified the parts of the video
where it is shown or mentioned, and in some cases even
provided a partial transcript that mentions the correct call
sign. In all cases, they did, however, not draw the correct
conclusion, resulting in an incorrect answer. IVISE25-QA-

Table 4. Results of the Question Answering Tasks. Each task is
scored on a scale from 0 to 1 and the final score is the sum of the
10 task scores. #V signifies for how many tasks the correct video
was part of the result set and #A signifies for how many tasks the
correct answer was part of the result set.

Team Run Score #A #V
WHU-NERCMS 1 7.0 7 10
WHU-NERCMS 2 7.0 7 10
vifi 1 6.3 7 10
vifi 3 6.3 7 10
nii-uit 3 6.5 7 10
nii-uit 1 5.8 6 10
nii-uit 2 5.8 6 10
nii-uit 4 5.8 6 10
vifi 2 5.2 6 9
Exquisitor 2 4.2 5 7
Exquisitor 3 3.6 4 6
Exquisitor 4 3.6 4 6
Exquisitor 1 3.4 4 6
certh_iti 1 2.4 3 6
certh_iti 2 2.4 3 5
certh_iti 3 1.8 3 6
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Figure 2. Rank distribution of Question Answering tasks

A07 is an interesting failure case, as it did not only require
the teams to identify a specific flag that was small and only
briefly visible, but also have sufficient world knowledge to
correctly identify the flag. While some teams succeeded
in the former and correctly localized the flag in question
and even mentioned its colors, no team was able to map
this information correctly to the flag’s origin. The case of
IVISE25-QA-A09 is also interesting, since it did not target
any specific part of the video but asked about a property
of the video as a whole. While all teams correctly identi-
fied the target video, all methods also substantially underre-



ported the number of distinct aerial shots.

Table 5. Aggregated performance per question answering task.

Task Mean Score #Solved #Video
IVISE25-QA-A01 0.000 0 16
IVISE25-QA-A02 0.577 13 13
IVISE25-QA-A03 0.723 13 13
IVISE25-QA-A04 0.431 9 9
IVISE25-QA-A05 0.700 13 13
IVISE25-QA-A06 0.931 16 16
IVISE25-QA-A07 0.000 0 11
IVISE25-QA-A08 0.154 4 8
IVISE25-QA-A09 0.000 0 16
IVISE25-QA-A10 0.992 16 16

4. Preview of the Interactive Track
Since the interactive track is evaluated live during the work-
shop held at CVPR 2025, no results can be reported at the
time of writing.

5. Conclusion
This paper presented an overview of the 1st International
Workshop on Interactive Video Search and Exploration, as
well as its associated challenge. The challenge managed to
attract 8 teams who participated in at least one of the two
task types, either interactively or in a fully-automated fash-
ion. The results from the fully-automated track indicate that
there has been substantial progress in recent years in both
video search and video question answering and that these
methods can be combined into fully-automated video re-
trieval and question answering pipelines. While the results
were remarkably good, the challenge still revealed some as-
pects that current methods are not able to correctly handle.
Future instances of the challenge will hence increase the dif-
ficulty of the tasks, with a greater focus on addressing those
challenging aspects. The interactive track is evaluated at
the workshop itself and no results are available at the time
of writing. Once the results are available, we will study and
contrast them with the ones achieved by the fully-automatic
approaches in a follow-up analysis.
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A. Queries used for the Fully Automated Track
IVISE25-KIS-A01 Close-up of the hand of an elderly

Asian man putting down a green beer bottle on the
table. There are a full beer glass, some bowls and a
box containing a cognac bottle on the table. The cam-
era moves to the man’s face, before going back to his
hands, as he uses chopsticks to put food from one bowl
into sauce in another bowl.

IVISE25-KIS-A02 A shot of mostly wooden outdoor fit-
ness equipment, installed between trees. The camera
pans to the left, before the next shot shows a closeup
of a wooden sculpture, with the words “Peace, Hope &
Love” engraved.

IVISE25-KIS-A03 A sequence of shots taken from a mov-
ing motorbike. In the first shot we see a view under
the rider’s left arm, the handlebar, both mirrors and the
rider’s hands are visible. The motorbike moves along a
country road, and a red triangular street sign indicates
a railway crossing coming up. The following shot is a
view down to the road on the right side of the motor-
bike, first showing the right part of the handlebar and
then moving forward.

IVISE25-KIS-A04 A woman in a wedding dress is stand-
ing with outstretched arms on an embankment made
of rocks. She is holding a white translucent shawl or
vail behind her. In the background, there is a cliff face
with a waterfall feeding into a little lake. The next
shot shows her more zoomed in as she is wrapping her
shawl/vail around her.

IVISE25-KIS-A05 Two shots from the window of a mov-
ing train: In the first one we see some of the cars in
front on the right, and a steep wall, covered with plants,
close to the track on the left. In the second shot the
view is out of a window on the other side, with the

train on the left and a young man standing at the door,
and bushes on the right. A black and white mile marker
with 101 is visible.

IVISE25-KIS-A06 A man wearing red gloves is standing
on ice, only his lower half is in frame. At his feet
are several fish, still alive. He bends down and throws
some of the fish back into the water through a hole in
the ice. He puts the remaining fish into a black sled
next to him. He picks up a blue rope and pulls away
the sled.

IVISE25-KIS-A07 Several shots of old electronics. The
first one shows a wall of stacked desktop PCs, the next
a close-up of a processor socketed in a mainboard. The
next shots respectively show a closeup of a hand hold-
ing a processor pins-up, a box full of old processors,
and a box full of old mobile phones.

IVISE25-KIS-A08 Two dogs in a stream at the base of a
waterfall. One dog has light yellow fur, the other has
black fur and a blue collar. After getting out of the
water, they walk up an incline next to the waterfalls,
accompanying some hikers.

IVISE25-KIS-A09 A man is sitting in a camping chair
outside, drinking from a brown glass bottle. He is
holding a green bottle in his other hand. Next to him is
another chair with a large white teddy bear in it. The
man turns to the bear and places the green bottle in the
bear’s arm.

IVISE25-KIS-A10 A timelapse of several people mount-
ing large posters with several color images and black
text onto wooden structures. The structures are curved
so they stand upright to present the posters, but they
are laid flat on the floor for mounting them. The whole
sequence is filmed from a fixed camera placed high in
a corner of the room.

IVISE25-QA-A01 Grainy black/white shot of a radio an-
tenna mast, panning down until the roof of a car be-
comes visible, followed by a shot showing a hand turn-
ing both dials of a radio receiver. What was the call
sign of the first radio station founded by the man por-
trayed in this documentary?

IVISE25-QA-A02 The video is filmed from the perspec-
tive of a paraglider flying over a lush green landscape.
There is a deep blue lake surrounded by grass-covered
hills, along which the paraglider is flying. In the dis-
tance, the ocean is visible. The paraglider is often
flying very close to the steep hills on their right. At
the very beginning of that video, there is a title card
indicating the year and the location the video was
recorded. Where and when was that?



IVISE25-QA-A03 A group of people is holding a work-
shop in a room with pastel green walls with white trim,
and parquet flooring. Throughout the video, the peo-
ple are shown in various constellations in the room,
intercut with several short sequences where individual
people are talking directly into the camera. There are
some shots with different arrangements of chairs and
tables. On one side of the room, there is a raised stage
with a short red curtain at the top. What institution
hosted that workshop?

IVISE25-QA-A04 An urban setting filmed in black and
white. Early in the video, there is a shot where the
camera is looking out through the window of a moving
train. The video is then composed of several outdoor
shots with falling snow. During the whole video, there
is music playing. According to the end card, what is
the name of the song?

IVISE25-QA-A05 Two shots showing a wooden hut with
a chimney made of stone on the left end. It is sunny,
but the ground and the roof of the hut are mostly cov-
ered with snow. A woman (wearing jeans and green-
ish/petrol jacket, gloves, bonnet) and a child (jeans,
blue jacket, gloves, bonnet) walk towards the hut. In
the second shot, the woman opens the door of the hut,
which makes a squeaking sound. Which drink does the
woman serve when they are back in their car?

IVISE25-QA-A06 A woman is sitting in a chair, playing
the accordion and singing a song. She has long light-
brown hair and wears a red sweater. She is alternat-
ingly shown singing from several perspectives for sev-
eral minutes. What language is the song in?

IVISE25-QA-A07 Two shots of a wooden pavilion on a
public square, with benches below and cars parked in
front. A long red boat is stored below the ceiling. The
first shot shows a closeup of the boat, the second a
larger view of the square. This clip was made on a
sailing trip. Which is the lowest flag on the rope down
from the mast to the right side of the bow of the sail-
boat?

IVISE25-QA-A08 Two women are having a conversation
over the telephone. One is trying to hang pictures from
the wall and is asking the other for advice. The video
cuts back and forth between them. The woman with
the pictures then drives to a hardware store. What are
the names of the two women?

IVISE25-QA-A09 A series of aerial shots of buildings in
different locations. The shots include a round white
building with a sign saying “CAPITOL RECORDS”.
Another shot shows a view of the “GRAND LAKE

THEATRE”. There is a watermark in the corner of
the entire video. How many different aerial video se-
quences are in the video in total?

IVISE25-QA-A10 A man wearing dark trousers and
jacket, a scarf and a horse mask walks down a path.
There is a wooden bench on the right, cars and houses
in the background, and litter on the path and grass. He
shakes his head and puts his hand to the head. The
camera follows him as he walks to another wooden
bench and sits down. Which writer is quoted at the
start of this video?

B. Ground truth answers for the Fully Auto-
mated Track

IVISE25-KIS-A01 video 00726, seconds 296 to 316

IVISE25-KIS-A02 video 04873, seconds 124 to 132

IVISE25-KIS-A03 video 05739, seconds 203 to 205

IVISE25-KIS-A04 video 04755, seconds 53 to 62

IVISE25-KIS-A05 video 01596, seconds 71 to 80

IVISE25-KIS-A06 video 06884, seconds 36 to 92

IVISE25-KIS-A07 video 01425, seconds 88 to 105

IVISE25-KIS-A08 video 05506, seconds 117 to 157

IVISE25-KIS-A09 video 07309, seconds 201 to 206

IVISE25-KIS-A10 video 04962, seconds 27 to 44

IVISE25-QA-A01 “WW2A” (video 05052)

IVISE25-QA-A02 “Azoren 2016” (video 06208)

IVISE25-QA-A03 “The University of Edinburgh”
(video 04222)

IVISE25-QA-A04 “Talking To Ghost” (video 03343)

IVISE25-QA-A05 “Coffee” (video 02431)

IVISE25-QA-A06 “French” (video 01155)

IVISE25-QA-A07 “Basque, Euskadi” (video 00063)

IVISE25-QA-A08 “Tori and Marsha” (video 03288)

IVISE25-QA-A09 “40” (video 04093)

IVISE25-QA-A10 “Balzac” (video 03087)


	Introduction
	Challenge Setup
	Results of the Fully-Automated Track
	Known-Item Search
	Question Answering

	Preview of the Interactive Track
	Conclusion
	Queries used for the Fully Automated Track
	Ground truth answers for the Fully Automated Track

